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Information Mining of Song Lyrics Based on Natural

Language Processing Techniques
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Tsinghua University, Beiling, 100084 )
Abstract: We report experiments on song lyrics based on standard natural language processing
techniques. A significant amount of music songs have suited lyrics, which play a important role of
the semantics of a song, therefore, analysis of lyrics may be a complement of acoustic methods.
We investigate the lyrics corpus based on Zip’f Law using both character and word as a unit,
results roughly obey Zip’f Law. Also, by the means of vector space model, we can find a set of
lyrics that are similar to each other. Moreover, we discuss how to use the time annotation for
further study; we can detect the repeated part of songs as well as categorization of rhythms.
Preliminary experiment shows the effectiveness of our proposed method.
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